
Poster Print Size:
This poster template is 36” high by 56” 
wide. It can be used to print any poster 
with a 9:14 aspect ratio.

Placeholders:
The various elements included in this 
poster are ones we often see in 
medical, research, and scientific 
posters. Feel free to edit, move,  add, 
and delete items, or change the layout 
to suit your needs. Always check with 
your conference organizer for specific 
requirements.

Image Quality:
You can place digital photos or logo art 
in your poster file by selecting the 
Insert, Picture command, or by using 
standard copy & paste. For best results, 
all graphic elements should be at least 
150-200 pixels per inch in their final 
printed size. For instance, a 1600 x 1200 
pixel photo will usually look fine up to 
8“-10” wide on your printed poster.

To preview the print quality of images, 
select a magnification of 100% when 
previewing your poster. This will give 
you a good idea of what it will look like 
in print. If you are laying out a large 
poster and using half-scale dimensions, 
be sure to preview your graphics at 
200% to see them at their final printed 
size.

Please note that graphics from websites 
(such as the logo on your hospital's or 
university's home page) will only be 
72dpi and not suitable for printing.

[This sidebar area does not print.]

Change Color Theme:
This template is designed to use the 
built-in color themes in the newer 
versions of PowerPoint.

To change the color theme, select the 
Design tab, then select the Colors 
drop-down list.

The default color theme for this 
template is “Office”, so you can 
always return to that after trying 
some of the alternatives.

Printing Your Poster:
Once your poster file is ready, visit 
www.genigraphics.com to order a 
high-quality, affordable poster print. 
Every order receives a free design 
review and we can deliver as fast as 
next business day within the US and 
Canada. 

Genigraphics® has been producing 
output from PowerPoint® longer 
than anyone in the industry; dating 
back to when we helped Microsoft® 
design the PowerPoint® software. 

US and Canada:  1-800-790-4001
Email: info@genigraphics.com

[This sidebar area does not print.]

Distance to centroid

Global coherence 
error rate

Unique MC match 
ratio

Tangential utterance 
error rate

Filler error rate

Coherent 
utterance rate

Topic switching 
error rate

Local coherence 
error rate

Sequence score

Propositional repetition 
error rate

Distance to centroid

Unique MC match 
ratio

Filler error rate

Global coherence 
error rate

Tangential utterance 
error rate

Coherent utterance 
rate

Propositional repetition 
error rate

Topic switching 
error rate

Sequence score

Local coherence 
error rate

Unique MC match 
ratio

Distance to centroid

Filler error rate

Propositional 
repetition error rate

Coherent utterance 
rate

Local coherence 
error rate

Topic switching error 
rate

Tangential utterance 
error rate

Sequence score

Global coherence 
error rate

Mean Coef: log(P(Dementia)/P(Aphasia))

-1.2   -1.0   -0.8  -0.6  -0.4  -0.2   0.0    0.2   0.4

Mean Coef: log(P(Aphasia)/P(Control))

-1.5   -1.0  -0.5    0.0   0.5    1.0    1.5.   2.0

Mean Coef: log(P(Dementia)/P(Control))

-1.0         -0.5          0.0          0.5

Aim 2: Apply machine learning (ML) to evaluate the diagnostic potential of 
automated macrolinguistic features in distinguishing healthy controls (HC), 
people with dementia (PWD), and people with aphasia (PWA).
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Discourse Analysis in Neurological Conditions
•Discourse analysis provides insight into language 

abilities beyond the sentence level, often assessed 
through storytelling.
•While traditional analyses often focus on 

microlinguistic features, like mean length of 
utterance and type-token ratio, they often do not 
assess macrolinguistic features, such as Main 
Concept Analysis (MCA)1 and topic coherence, 
which are important for comprehensive evaluation 
of language impairments.
•Macrolinguistic analysis remains largely manual2-3. 

INTRODUCTION1
Overarching goal: Automate microlinguistic and macrolinguistic discourse 
analysis for clinical detection of neurogenic communication disorders.

Fully automated extraction of 
macrolinguistic features from 
narrative speech is feasible.

Automated discourse analysis is a 
scalable, objective, and clinically 
relevant approach for detecting 

linguistic impairment.

The automated pipeline captured 
clinically meaningful group 

differences.
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Aim 1: Develop an NLP-based pipeline that automatically extracts main 
concept (MC), coherence, and sequencing features from retellings of the 
Cinderella story.

Figure 1. Increasing distance to 
centroid (representing semantic 
alignment to MCs) from controls → 
dementia → aphasia demonstrates 
its ability to capture narrative 
informativeness across groups

• Most accurate classification for HC, 
followed by PWA, then PWD.

• PWD are misclassified roughly equally 
as HC and PWA → dementia occupies 
an intermediate position in 
macrolinguistic abilities relative to 
other groups.

• Excellent PWA and HC discrimination (mean AUC = 0.938)
• Moderate performance for PWD vs. HC (mean AUC = 0.661) and poor 

for PWD vs PWA (mean AUC = 0.575) → macrolinguistic features 
alone insufficient for dementia differential diagnosis.

• Distance to centroid was the strongest predictor.
• Greater semantic deviation from narrative core characterized both 

clinical groups vs HC, and aphasia vs dementia→ consistent, interpretable 
marker of discourse-level impairment5 CONCLUSIONS
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